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Motivations Formularization
e Active Shape Model (ASM) based shape registration approaches * Minimize the energy function E=FE,+Es+Es +E

assume the residuals between model fit and images have a 1 _
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e QOccluded landmarks lead to incorrect local matches, and may  Shape energy term Ec = EHS — Ub — S||?
significantly distort the shape matching results. « Sparse error term Es. = A+ ||W -S|l
e Use sparse errors to model the occluded landmarks: ont , . 121\, p ,
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Brerse Shaps Eivor S e The sum of the first 3 terms is a convex function
e Alternative optimization approach
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SHE Algorithm Summary Examples
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Algorithm 2 Minimize E;
1: forz2=1: N do
2 for k=0: ks 40

3: Compute vfh,K(xf) using equation (23)
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I: Compute 6 using detection result
2: Initial status bp = 0, Se = 0, S = S, S — S. oF —
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\ " | ; : 3: repeat
'\ ' ; ; 4 Run Algorithm 2 to optimize S’
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Run Algorithm 1 to optimize b and S
S' = My(S + Ub)
until S’ converges
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